ECMWEF precipitation forecast
skill with and without
reforecast calibration

Tom Hamill! & Renate Hagedorn?
INOAA/ESRL & 2ECMWF

used 2005 ECMWEF reforecast data set, 1x weekly between 1
September and 1 December, 15 members. Calibrated using logistic
regression; verification against 32-km North American Regional

Reanalysis precipitation (many surface obs + statistical voodoo)
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(1) Substantial benefit of weekly ; (c) BSS, 10 mm
relative to 30-day training data
sets, especially at high thresholds.
(2) Not much benefit from full
relative to weekly reforecasts.
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